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Goal: schedule to minimize 
mean response time E[T]
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random 
arrivals

SRPT: always serve job of 
least remaining size

SRPT minimizes E[T] 
(Schrage 1968)
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size unknown

age known

distribution 
S known

Gittins: assign each job a 
rank based on age and S 
(lower is better)

Gittins minimizes E[T] 
(Gittins 1989)

rank = 4

rank = 3 rank = 5
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Unknown Sizes

GittinsM/G/1

Known Sizes

SRPT

Partial Info

Gittinshuge variety 
of scenarios

special case of Gittins: 
rank = remaining size
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Multiserver Gittins: 
serves the k jobs with 
the k lowest ranks
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